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1 import matplotlib. pyplot as plt
2 data.plotikind="=zcatter’, x= FPopulation’, v=Profit’, figsize=(R,5))
3 plt. show()
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v _test pre = LE. predict(¥ test)
print(y_test_pre)
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1 from sklear mport mean squared error, r2 score
2 print(’M nar e error: . 3f" % mean squared error (v_test, LE.predict(¥_test)))
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